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Abstract 
This paper considers whether low- and moderate-income (LMI) households concentrate their 
wealth in housing rather than holding a more diversified financial portfolio, an issue we refer to 
as “all eggs in one basket” (AEOB) risk. Using novel panel data from 2005 to 2013, we compare 
LMI renters who selected into homeownership to LMI who remained renters. We find that LMI 
households who transitioned to homeownership built significantly more overall net wealth but do 
not find evidence of significant differences in non-housing net wealth. Furthermore, we do not 
find significant differences in the composition of non-housing financial portfolios between the 
two groups. Overall, these findings are generally inconsistent with the argument that 
homeownership exposes LMI households to a AEOB risk when compared to the experience of 
similar households that remained renters.  
 
Keywords: Homeownership, Wealth, Assets, Portfolio Composition, Low income, Moderate 
Income 
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Introduction 
There is intense debate among U.S. policymakers and the public about whether 

homeownership is a desirable wealth building strategy for low- and moderate-income (LMI) 

households (Herbert et al., 2013; Quercia et al., 2011). Historically, there has widespread belief 

that homeownership provides a safe path to financial prosperity, which sustained broad political 

support for public policies and programs that help LMI households become homeowners 

(Glaeser, 2011). More recently, however, there has been concern that homeownership may 

actually undermine wealth building and financial security among LMI households by 

concentrating their wealth in housing and crowding out investment in non-housing assets, a 

conundrum we refer to as the “all eggs in one basket” (AEOB) risk (Belsky et al., 2018; Cauley 

et al., 2007; Freeman & Desmarais, 2011; Grinstein-Weiss et al., 2013). Those concerned by 

the AEOB risk argue that it may be safer and more profitable for LMI households to forego 

homeownership and instead invest in non-housing assets (e.g., Cocco, 2005; Hu, 2005). The 

premise of this argument is built on the notion that foregoing homeownership would allow LMI 

households to hold a more diversified financial portfolio that could spread financial risk across 

multiple assets; thus, all is not lost if one asset begins to decrease in value (Goetzmann & 

Kumar, 2008). Concern over the AEOB risk is particularly salient in the wake of the 2007-2009 

national foreclosure given the extensive loss in LMI homeowners’ home equity, especially when 

predatory financing is involved (McKernan et al., 2014).  

 

In this paper, we provide new insights regarding the merits of the AEOB risk by using panel data 

on LMI renter households from the Community Advantage Program (CAP) Database (Riley et 

al., 2009). These panel data allow us to exploit temporal variation, rather than simply relying on 

cross-sectional variation, and provide detailed information on specific assets and debts held by 

LMI households. We use a quasi-experimental design to estimate how the transition from 

renting to homeownership affects wealth building and portfolio composition (assets vs. debts) 

among LMI households. Through our analysis, we aim to answer three questions: (1) How is 

homeownership correlated with measures of financial stability? (2) How is homeownership 

correlated with the magnitude of the wealth/debt accrued over time? (3) How is homeownership 

correlated with holding and retaining non-housing assets and investments?  

 

The questions we pose in this paper are particularly important in the context of the AEOB risk 

because LMI households generally hold few liquid assets and have increasingly high-rates of 

debt (Carney & Gale, 2001; Wolff, 1998; Bird et al., 1997; Kennickell et al., 2000). For example, 
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Bricker et al. (2017) used data from the Survey of Consumer Finances (SCF) to demonstrate 

that 40 percent or less of households in the bottom half of the income distribution are saving 

money, hold stocks, or hold business equity. Low-income households also often do not hold 

retirement accounts (Rhee, 2013), with Ruffing’s (2020) analysis of SCF data revealing that less 

than 11 percent of U.S. households in the lowest income quintile hold retirement accounts. 

These findings have all stoked efforts to further “asset-based” policies in the U.S. that educate 

and assist low-income families in building assets (McKernan & Sherraden, 2008). The AEOB 

risk is particularly relevant to current discussions on LMI homeownership because rapidly rising 

housing costs across the nation may leave LMI homeowners with little disposable income to 

invest in non-housing assets that are important to financial security, such as retirement 

accounts and life insurance policies (McKernan & Sherraden, 2008).  

 

Overall, our findings generally contradict the argument that LMI households may be able to build 

more wealth by remaining renters. We find that LMI households who transitioned to 

homeownership did not differ significantly from LMI households who remain renters in most 

regards. Compared to LMI households who remain renters, households who transition to 

homeownership were generally no more likely to experience financial insecurity, accrue savings, 

and self-report feeling economically insecure. We also do not find evidence of significant 

differences in the amount of non-housing net wealth nor in the composition of non-housing 

financial portfolio composition between these two groups.   

 

This study contributes to the literature on wealth building and LMI homeownership in two ways. 

First, one limitation of the literature is that many studies were completed prior to the national 

foreclosure crisis. This is a notable limitation because the national foreclosure crisis resulted in 

an estimated $5,780 per home decline in average property value (Harding et al., 2009). 

Because property value appreciation and consequent increases in home equity are the main 

way that LMI homeowners generate wealth, there is some reason to believe that the crisis may 

have limited LMI homeowners’ ability to build wealth relative to renters during the recession. 

Similarly, in the context of the national foreclosure crisis, renting and investing money in non-

housing assets (e.g., stocks, retirement accounts, etc.) may have allowed renters to generate 

more wealth than homeowners who were over-invested in housing. Thus, we provide an 

updated analysis of wealth building trends among LMI homeowners compared to renters using 

data that spans the entirety of the national foreclosure crisis (2005-2012).  
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Second, and perhaps more importantly, previous research offers contradictory evidence 

regarding the AEOB risk. Though a few studies have found that the high-cost of homeownership 

may crowd-out other forms of investment, thereby exposing LMI households to an AEOB risks, 

other studies have found that LMI homeowners spend less on housing and hold more wealth 

and assets than LMI renters. Thus, in this paper we aim to clarify the merits of the AEOB risk by 

using novel panel data and a robust research design.  

 

Though our findings generally do not support the AEOB risk, we do not dismiss arguments that 

LMI homeowners may face financial risks after purchasing a home. We therefore conclude this 

paper by outlining how LMI homeownership policies and programs can help minimize the 

financial risks facing LMI homeowners through holistic, post-purchase financial counseling 

services.  

 

Literature Review 

Theory  
The key idea underlying the AEOB risk is that housing tenure decisions (i.e., renting vs. 

homeowning) directly affect LMI households’ financial portfolios and wealth building capacity. 

Broadly, there are two plausible ways by which housing tenure decisions may have such 

impacts. First, short-term differences in the costs associated with renting vs. entering 

homeownership may impact disposable income and have downstream impacts on wealth 

building and financial holdings. Notably, purchasing a home may decrease disposable and non-

housing net wealth because LMI households must leverage a substantial proportion of their 

wealth and income to purchase a home (Belsky et al., 2018). In other words, the transformation 

of non-housing wealth into housing wealth may have downstream impacts on financial portfolio 

composition and wealth-building. Those who remain renters, in contrast, would not experience a 

similar reduction in disposable income and non-housing wealth. Thus, in the short-term, LMI 

households who enter homeownership may have less disposable income to invest in non-

housing assets compared to similarly situated renters. 

 

Second, long-term differences in the housing costs may drive differences in financial outcomes. 

LMI households who enter homeownership are responsible for paying their mortgage and ad-

hoc housing costs that periodically arise (e.g., replacing roofs, heating units), whereas LMI 

households who remain renters must only pay rent. Thus, differences in the long-term housing 

costs associated with homeownership compared to renting may affect the amount of disposable 
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income available to LMI households to invest in non-housing assets. This factor 

notwithstanding, some research generally suggests that homeownership may still more 

affordable than renting. Riley et al. (2013), for example, find that homeownership was less 

costly than renting for the median LMI homeowner in their sample and that “annual house price 

appreciation of less than 5% was sufficient to ensure that owning was no more costly than 

renting a comparable property for 95% of the homeowners” (p. 136).  

 

Though both of these pathways highlight how homeownership may influence investment in 

other assets, a variety of non-housing factors may also impact asset acquisition and wealth-

building. Namely, differences in the financial behaviors of LMI households who enter 

homeownership versus remain renters may also influence long-term financial outcomes. Thus, 

differences in LMI homeowners’ relative financial trajectories – rather than the independent 

effects of homeownership – may contribute to significant differences in the financial outcomes of 

these groups.  As discussed in upcoming sections, we attempt to control for such differences in 

our analysis through propensity score matching as a way to isolate the effect of homeownership 

on our outcomes of interest.  

 

In the context of these theorized pathways, two broad narratives have been prominent in policy 

debates about the desirability of LMI homeownership as a wealth building strategy. The first 

narrative is that homeownership is a risky investment strategy for LMI households because they 

must leverage a substantial proportion of their income and wealth to purchase a home (Belsky 

et al., 2018; Bricker et al., 2017). Further, since housing can be a difficult asset to liquify, 

overinvesting in housing exposes LMI homeowners to the volatile nature of home values and 

may limit their ability to access this asset quickly in response to emergencies and other 

hardships (Bostic & Lee, 2008; Van Zandt & Rohe, 2011; Wolff, 2012). This viewpoint generally 

suggests that the long- and short-term consumption costs associated with homeownership will 

negatively impact LMI households’ financial holdings and ability to build wealth. It also calls 

attention the hazards of homeownership as a wealth-building strategy and the challenges of 

monetizing housing wealth held in the form of home equity.  

 

The second narrative holds that homeownership provides LMI households with significant 

financial returns and stability, especially when attained via affordable, low-risk mortgages 

(Grinstein-Weiss et al., 2013; Herbert et al., 2013; Wainer & Zabel, 2012). This viewpoint tends 

to suggest that homeownership still allows LMI households to build wealth via property value 
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accrual despite the high initial costs of homeownership and long-term and ad-hoc housing 

costs. Importantly, however, proponents of this viewpoint have sometimes overlooked the 

potential financial risks associated with homeownership (Glaeser, 2011; Bostic & Lee, 2008). 

Thus, this paper helps address this limitation of the literature by analyzing the merits of the 

AEOB risk.  

 
Empirical Evidence 
Empirically, the evidence on the effect of homeownership on households’ ability to attain non-

housing assets and develop diversified financial portfolios is mixed. To date, some research has 

found evidence consistent with the argument that it may be safer and more lucrative for LMI 

households to forego homeownership and instead invest in multiple non-housing assets. For 

example, several studies find that housing-related assets represent a disproportionate fraction 

of homeowners’, especially LMI homeowners, financial portfolio and can inhibit their ability to 

obtain non-housing assets (Cocco, 2005; Hu, 2005; Yao & Zhang, 2005).   

 

Notwithstanding, there is also a vast body of research provides evidence that contradicts this 

implication. Numerous studies show that homeownership can help LMI households build 

wealth.2 Grinstein-Weiss et al. (2013) find, for example, that homeowners see greater increases 

in net worth, assets, and non-housing net worth than renters. They also find that sustained 

homeownership positively impacts not only total net worth but also non-housing wealth. Herbert, 

McCue and Sanchez-Moyano (2013) similarly find that homeownership among LMI households 

is consistently associated with increases of roughly $9,000 to $10,000 in wealth for each year of 

ownership. Shapiro, Meschede and Osoro (2013) argue that homeownership is, in fact, so 

important for wealth creation that the difference in years of homeownership “accounts for 27 

percent of the difference in relative wealth growth between white and African-American families, 

the largest portion of the growing [racial] wealth gap” (p.2). Finally, Beracha, Skiba and Johnson 

(2017) find that “while renting is superior to ownership in isolation, homeownership as a part of 

the household portfolio often improves wealth creation on a risk-adjusted basis” (p.263).  

 

 
2 The	 timing	 of	 investment,	 however,	 can	 have	 significant	 impacts	 on	 returns	 of	 homeownership	 to	 LMI	
households	 (Belsky	&	Duda,	 2002).	 For	 instance,	Rappaport	 (2010)	 found	 that	 homeowners	with	 ten-year	
occupancies	beginning	during	the	1970s	and	1990s	unambiguously	built	more	wealth	than	renters	with	ten-
year	occupancies	during	that	same	time	period.	However,	those	who	began	their	homeownership	occupancies	
during	the	1980s	built	the	greatest	amount	of	wealth.		
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Additionally, several studies hint at a possible connection between homeownership and broader 

asset accumulation. For instance, previous work has found that renters generally hold fewer 

assets than homeowners (Caner & Wolff, 2004; Haveman & Wolff, 2004; McKernan & 

Sherraden, 2008). Focusing on LMI households’ portfolios, Freeman and Desmarais’ (2011) 

descriptive analysis of CAP panel data reveals no evidence that homeownership crowds out 

other forms of investment; these authors conclude that affordable home lending therefore “acts 

as a strong forced-savings tool” for LMI households and that there is “very little evidence that 

either alternative investments and/or savings are reduced as a result of equity accumulation” 

(p.153). In the context of the 2007-2009 foreclosure crisis, Grinstein-Weiss, Key and Carrillo 

(2015) found that renters were more likely than owners to lose at least 25% of their net worth 

during the recession. This suggests that homeowners may have held significant wealth in non-

housing assets that were sheltered from recession. 

 

Researchers have emphasized, however, the importance of mortgage type in supporting 

homeownership that leads to wealth creation (Quercia et al., 2011). During the financial crisis, 

subprime mortgages did not lead to wealth creation but rather to wealth losses for many 

homeowners, especially LMI and minority homeowners. These subprime products included 

hybrid adjustable-rate mortgages, interest only mortgages, and option adjustable-rate 

mortgages among others.  Subprime products were underwritten without regard to a borrower’s 

ability to repay, often requiring refinancing and the payment of additional fees, something that 

reduced the ability to accumulate wealth in the form of home equity. In contrast, homeowners 

who relied on properly underwritten, 30-year fixed rate mortgages originated under the auspices 

of the Community Reinvestment Act were better able to build wealth and to navigate the 

financial crisis (Quercia et al., 2011).  

 

Methodology 
This study uses a quasi-experimental research design based on an sample of renters that 

followed two different paths between 2005 and 2012: (i) LMI households who transition to 

homeownership at some point during the period(treatment); and (ii) LMI households who remain 

renters throughout this entire period (never-treated or control). Treated households transition into 

homeownership in different years. Following the convention in the literature, we refer to groups of 

households that transition into homeownership in the same year as being part of the same cohort. 

 

Addressing Selection Bias 
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A potential issue that could confound the results from our quasi-experimental approach is 

selection bias. Selection bias in observational studies arises when treatment group members self-

select into treatment. Different outcomes experienced by treatment and control groups across the 

study period may therefore be related to the decision to self-select into a particular group rather 

than the effect of treatment itself (Heckman, 1990). In our case, a naive comparison would ignore 

any initial differences between the groups that may have driven their decision to purchase a home 

and that may have explained changes in their wealth and financial portfolio across the study. 

Thus, ignoring a household's likelihood of “selecting into” and being approved for a mortgage may 

potentially over-state the impact of homeownership.  

  

We use propensity score matching (PSM) to control for differences in (i) financial risk tolerance 

and (ii) socioeconomic characteristics, as both factors may systematically influence selection into 

homeownership and changes in our outcomes of interest. With respects to the prior, we must rely 

on proxy variables for financial risk tolerance because we do not have access to direct measures. 

We include age and gender as proxy variables for financial risk tolerance because previous work 

has found that these factors are associated with financial literacy and financial risk tolerance 

(Grable & Joo, 2004; Graham et al., 2002; Fonseca et al. 2012; Fisher and Yao, 2017).  We also 

include a binary variable for presence of children in the households. We opt to include this variable 

because past studies have shown that households with children are less willing to take on financial 

risk since they require more certainty that their investments will yield dividends that allow them to 

support their family (Chaulk et al., 2003; Warner & Cramer, 1995). Finally, we include a variable 

that captures whether sample members’ parents owned a home, as this may affect sample 

members attitudes about the risks and rewards of homeownership and, thus, their willingness to 

take on the financial risks associated with homeownership.  

 

Over and above financial risk tolerance, socioeconomic factors can also influence a person’s 

ability to purchase a home and build wealth. Specifically, employment and education levels 

directly impact the earnings of households and, thus, their ability to attain additional assets and 

build wealth (Grinstein-Weiss et al., 2014; Pfeffer et al., 2013). Certain geographic regions of the 

country also have been found to provide LMI households with greater opportunities for upward 

social and economic mobility, which in turn impacts household’s ability to attain assets and build 

wealth (Chetty et al., 2014). Lastly, race has been shown to be highly associated with the types 

of assets and debts held by households (Cong & Hanna, 2007; Ogden et al., 2004) including 

significant gaps in homeownership (Fonseca et al., 2012; Quercia et al., 2011; Sedo & Kossoudji, 
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2004). Recent research has further demonstrated that ongoing racial discrimination in the housing 

appraisal industry negatively affects the ability of racial and ethnic minorities to build wealth 

through homeownership (Howell & Korver-Glenn, 2018). Thus, we include a variety of relevant 

socioeconomic characteristics in our matching procedure.  

 

We implement PSM using one-to-one nearest neighbor propensity score matching (PSM) without 

replacement; for discussions of this method, see Austin (2008), McCaffrey et al. (2004), or Olmos 

& Govindasamy (2015). We opt for one-to-one matching instead of one-to-many matching 

because the latter approach often results in a single untreated member being matched with 

multiple treatment members. This, in turn, can result in biased estimates unless further 

adjustments are made to “account for this lack of independence between matched sets that 

contained the same untreated subject” (Austin, 2008, p. 2042). We select a caliper width of 0.9; 

our choice of caliper width was based on maximizing the sample size while also producing strong 

balance across observed matching covariates, which researchers have emphasized is the “basic 

mark of success of a propensity score adjustment” (Hansen, 2008, p. 2050).   

 
Effect of CAP Homeownership on Wealth-Building 

Our statistical analysis aims to determine if there are significant changes in wealth building and 

portfolio composition among treatment group members relative to the control group across the 

study period. As explained in the next section, we measure portfolio composition using basic 

binary variables that indicate whether a household held a certain asset / debt (1=yes; 0=no).  

 

To examine how the transition to homeownership relates to changes in wealth and portfolio 

composition, we estimate a series of linear models using the following empirical specification: 

	
𝑦!" = 𝛽# + 𝛽$𝑇!" +	𝛽%𝑥!" + 𝑦" + 𝜈! + 𝜖!&"		(1) 

 

where 𝑦!" is the outcome of interest related to household 𝑖’s wealth at time 𝑡. The variable, 𝑇!" ∈

{0,1}  is an indicator term for being a homeowner in year t. The coefficient of interest,	𝛽$, 

represents the overall contribution of being a homeowner to the outcome of interest. The vector 

𝑥!"	represents household level time-variant characteristics associated with wealth accumulation. 

These characteristics include exogenous household characteristics that would not be affected by 

treatment, such as the head of household’s age, employment status, level of education, the 

household 𝑖’s current region, and an indicator for the presence of minors in the household. We 



 

10 
 

also include year fixed effects, 𝑦", to capture year-specific shocks that would have affected survey 

responses in each year of the study period. We capture time-invariant characteristics (both 

observed and unobserved) by including household level fixed effects, 𝜈!. Lastly, 𝜖!" is household 

specific error term that captures unobservable shocks to wealth that households may experience 

over the course of the sample period. We estimate (1) separately for each cohort of households 

observed in the data, using never-treated always-renter households as the relevant control group 

(Sun and Abraham 2020, Goodman-Bacon 2020, Callaway and Sant’Anna 2021). 

  
In addition to the specification given by (1), we estimate an event study specification to examine 

how wealth changes relative to years since entering homeownership. Specifically, we include the 

interaction term 𝑇!1{𝑡 − 𝑝!" = 𝑖} to capture the dynamic effect where 𝑡 represents year and 𝑝! 

represents the year that household 𝑖 transitioned to homeownership. This interaction term is set 

to 0 for all households in the control group. Our specification, given by (3), includes the maximum 

leads and lags allowable by the data, -K and K, respectively. (Borusyak and Jaravel, 2017). We 

define the smallest observable lead, -K, as the reference category. Our specification is given by 

(2): 

 

𝑦!" = 	𝛽# + 𝛽$! 	∑ 𝑇!1{𝑡 − 𝑝! = 	𝜏}'
()*'+$ 	+ 	𝛽%𝑥!" + 𝑦" + 𝑣! +∈!" (2) 

 

 
 

Data & Measures 

Community Advantage Program Data  

This study uses data from the Community Advantage Program (CAP) study. Established in 1998, 

the CAP study evaluated a collaborative secondary mortgage market program that was developed 

by Self-Help Credit Union, Fannie Mae, and the Ford Foundation. Through CAP, Self-Help 

purchased existing Community Reinvestment Act (CRA) home loans from originating banks and 

sold them to Fannie Mae; Self-Help used a $50 million grant from the Ford Foundation to retain 

any associated risk for a set period.  Over time, the CAP portfolio grew to include 46,000 30-year, 

fixed-rate loans, all of which were originated between 1999 and 2010 (Quercia et al., 2017). The 

borrowers represented in the CAP portfolio are unique because they must meet at least one of 

three criteria: (i) borrower households had annual incomes that were 80% or less of area median 

income; (ii) borrowers were members of racial/ethnic minority groups; (iii) or borrowers had 
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household income of 115% or less of area median income and lived in a high-minority Census 

tract (Quercia et al., 2017).  

 

From 2003 to 2013, the CAP research team administered annual phone surveys to a panel of 

5,273 households, of which 3,742 were LMI homeowners and 1,531 were a comparable set of 

LMI renters. The renter comparison sample was selected because they met the same criteria that 

CAP used to identify borrowers., The renter sample was chosen to match the homeownership 

sample geographically to control for environmental factors. Ideally both households resided in the 

same census block, if not the geography was expanded. In some cases, because of lack of renter 

households, a renter household was matched with two homeowners.  Thus, the renters in the 

data represent an opportunistic sample, as they were drawn to match the homeowners in CAP 

portfolio.  

 

The CAP survey specifically collected demographic information, employment information, 

updated housing tenure status, and financial information. In 2005, 2008, 2010, and 2012, the CAP 

survey questionnaire included questions related to financial information, including information on 

income, assets, debts, overall measures of housing and non-housing net worth, mortgage 

refinance, and information on expenditures related to home maintenance (Riley et al., 2009).  

 

Outcomes of Interest  
In this study, we examine three sets of financial outcomes in this study. First, we examine 

outcomes related to financial stability, including use of payday loans, savings, and self-reported 

experience with economic insecurity. We focus on payday loans and economic insecurity as 

measures of financial instability and, conversely, focus on savings as a measure of financial 

stability.  

 

Second, we examine changes in the aggregate amount of wealth accrued over the sample period 

using two measures. Our first measure is total wealth, measured as total assets minus total debts. 

As highlighted by the concern over AEOB risk, this measure of wealth is largely dominated by 

home equity, which is usually the largest component of wealth for LMI homeowners (Quercia et 

al., 2011). We therefore also examine non-housing wealth as a second measure of aggregate 

wealth. This measure was defined the same as the previous measure with the exclusion of home 

equity.  This second measure is of particular interest in the context of the AEOB risk because it 
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allows us to consider whether homeownership effects non-housing wealth and crowds out non-

housing investments. 

 

Lastly, we study changes in households’ financial portfolio composition via discrete categories of 

financial asset and debt holdings. We specifically focus on eight different forms of assets and 

debts: (1) investment accounts; (2) stocks; (3) mutual funds; (4) retirement accounts (e.g., 

pension funds); (5) bank accounts (i.e., checking or savings) or certificates of deposit (CDs) (6) 

life insurance; (7) cash value life insurance (CVLI); (8) student loans.  

 

Study Sample  
For this study, we do not focus on homeowners served through the CAP program. Rather, we 

focus on households for whom the study intended to be the comparison group (N=1,531). Of the 

initial 1,531 sample, 297 households are treated (i.e., transition to homeownership) on or after 

2005 and 1,152 households are never treated (i.e., always renters). There are also an additional 

79 households who transition to homeownership then transition back to being renters. Using these 

households, we compare financial outcomes for households who transitioned into 

homeownership during the study period (treatment) versus those who remained renters 

throughout the study period (control). Focusing on this sample allows us to employ a quasi-

experimental research design that captures how the transition to homeownership effects wealth 

building and portfolio composition.  

 

We prepare the data in several ways to support valid causal inference. First, we discard the 79 

households who switch back to being renters. Second, we drop households for which aggregate 

wealth information is inconsistent with tenure status. In periods where households are not 

homeowners, we impose the restriction that total net wealth is equal to non-housing net wealth. 

This restriction drops 23 treated households and 21 control households. Third, we trim outlier 

values in non-housing net wealth, discarding values greater than 99.9% of observed values. This 

drops 4 observations greater than $1,432,431. Fourth, we drop households treated in 2005 to 

ensure that households are observed in at least one pre-treatment period. Likewise, we drop 

households treated in 2013. This drops the number of treated households to 190. Lastly, we only 

keep households with financial information in least two periods to assess changes in wealth and 

assets over time; this drops our sample size to 181 treated households and 623 control 

households.   
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We then apply PSM to our sample to control for potential selection bias, matching treated 

households using data from their latest pre-treatment year in which data is observable. Control 

households are matched using the earliest year in which they are observed. Households with 

missing information for key matching variables are dropped, reducing the sample to 164 treated 

households and 591 control households. Applying the PSM procedure results in a total of 322 

matched households (161 treated households and 161 control households). We graphically show 

the results of the PSM procedure in Figure 1; the left panel shows the distribution of propensity 

scores before the matching process, whereas the right panel shows the post-match distribution. 

The figure shows strong regions of support among treatment and control groups after matching.   

 
Figure 1: Application of Propensity Score Matching 

Panel A: Before Matching     Panel B: After Matching 

 
 
We further provide summary statistics for our sample, both before (Panel A) and after (Panel B) 

the PSM procedure is implemented. As shown in Table 1 Panel A, unmatched control households 

were quite different on average from treatment households on almost all observable 

characteristics. In the unmatched sample, for example, a larger share of treatment households 

had children, identified as White, had higher income and non-housing net worth, and were 

generally younger. As shown in Table 1 Panel B, differences between the treatment and control 

groups on almost observable characteristics were statistically insignificant at the 95% confidence 

level after applying the PSM procedure. These summary statistics indicate that the weighting 

procedure is reasonably effective in addressing the issue of selection bias on observables. 
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Table 1: Household Summary Statistics in 2005 
Panel	A:	Pre-PSM	Statistics	
	 Control	 	 Treated	 	 Difference	
		 Mean	 SD	 		 Mean	 SD	 		T-stat	 P-value	
Race	White	 0.45	 (0.50)	 	 0.49	 (0.50)	 	 -0.815	 0.416	
Race	Black	 0.38	 (0.49)	 	 0.32	 (0.47)	 	 1.531	 0.127	
Race	Hispanic	 0.13	 (0.34)	 	 0.15	 (0.34)	 	 -0.519	 0.605	
College	 0.34	 (0.48)	 	 0.56	 (0.50)	 	 -4.999	 0.000	
Parent	owned	home	 0.69	 (0.46)	 	 0.76	 (0.42)	 	 -1.784	 0.075	
Children	in	Household	 0.13	 (0.52)	 	 0.38	 (0.91)	 	 -3.491	 0.001	
Gender	(head	of	household)	 0.25	 (0.43)	 	 0.27	 (0.44)	 	 -0.458	 0.647	
Age	 45.27	 (12.85)	 	 39.71	 (12.13)	 	 5.128	 0.000	
Income		 18,907.23	 (14,118.28)	 	 34262.47	 (19,355.56)	 	 -9.484	 0.000	
Non-housing	net	worth		 6,002.14	 (31,516.45)	 	 12966.97	 (54,433.08)	 	 -1.567	 0.119	
Number	of	households	 591	 		 164	 				 		
	 	 	 	 	 	 	 	 	
Panel	B:	PSM-adjusted	Statistics	
	 Control	 	 Treated	 	 Difference	
		 Mean	 SD	 		 Mean	 SD	 		T-stat	 P-value	
Race	White	 0.46	 (0.50)	 	 0.48	 (0.50)	 	 -0.445	 0.656	
Race	Black	 0.35	 (0.48)	 	 0.32	 (0.47)	 	 0.59	 0.556	
Race	Hispanic	 0.16	 (0.36)	 	 0.15	 (0.36)	 	 0.155	 0.877	
College	 0.62	 (0.49)	 	 0.56	 (0.50)	 	 1.132	 0.259	
Parent	owned	home	 0.80	 (0.40)	 	 0.76	 (0.43)	 	 0.809	 0.419	
Children	in	Household	 0.30	 (0.87)	 	 0.38	 (0.90)	 	 -0.754	 0.452	
Gender	(head	of	household)	 0.25	 (0.43)	 	 0.27	 (0.45)	 	 -0.506	 0.613	
Age	 41.65	 (12.57)	 	 39.83	 (12.17)	 	 1.315	 0.189	
Income	($)	 30,408.89	 (17,122.12)	 	 33,022.02	 (17,151.72)	 	 -1.368	 0.172	
Non-housing	net	worth	($)	 11,204.27	 (53,077.24)	 	 12,397.09	 (54,418.26)	 	 -0.199	 0.842	
Number	of	households	 161	 		 161	 				 		
Notes: Households in the treatment group became homeowners after 2005. Households in the control 
group remained renters throughout the sample period. 
In Figure 2, we graphically display the timing of treatment for each cohort, each cohort’s sample 

size, and years in which financial information was included as part of the CAPs survey. 
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Figure 2: Timing of treatment for study sample 

 
Notes: Areas shaded in grey represent the years in which information on aggregate measures of net wealth 

is observable in the CAPs dataset (2005, 2008, 2010, 2011, 2012, and 2013). Measures of portfolio 

composition are observable only in 2005, 2008, and 2012. 

 

Results 
Changes in Net Wealth and Non-Housing Wealth 
We start by estimating the effect of the transition to homeownership on measures of financial 

stability and aggregate wealth using linear probability models specified by (1). Table 2 provides 

the results for the effect of treatment. We provide the full table of results for each cohort in 

Appendix A. We generally do not observe significant differences in reporting ability to savings or 

economic insecurity, suggesting that treatment group membership is not strongly associate with 

financial stability as captured by these measures. Notwithstanding, there is some evidence that 
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treated households (cohorts 2009 and 2012) may have had to resort to payday loans more than 

the households that were never treated, though the effect sizes are small and are observed for 

the smallest cohorts. 

 

The last two columns of Table 2 show average treatment effect for treated households for 

measures of aggregate net wealth. We find that treatment is associated with significant increases 

in overall net wealth. Using a simple weighted average approach to aggregate the treatment effect 

across cohorts (Callaway and Sant’Anna 2021), we find that treatment is associated with an 

increase in overall net wealth by an average of $51,550 ($6,444 per year). With respect to non-

housing net wealth, we find no significant differences in between treated households and never-

treated households in any of the cohorts, with the exception of the 2012 cohort. Across cohorts, 

the average treatment is small (approximately $3,720 overall; or $465 per year). By and large, 

these results support previous findings that home equity largely drives gains in net wealth. 

 

Table 2: Homeownership & Measures of Financial Stability and Aggregate Net Wealth  
 
Cohort	 Payday	Loans	 Reported	

Savings	
Economic	
Insecurity	

Non-housing	
Wealth	

Total	
Wealth	

2006	 -0.10*		
(0.05)	

	-0.16*		
(0.09)	

		0.02		
(0.03)	

				8.92		
(11.33)	

		57.58***	
(14.14)	

2007	 -0.08		
(0.06)	

				0.07		
(0.10)	

	-0.03		
(0.03)	

			-4.02		
(11.74)	

		44.79***		
(15.85)	

2008	 -0.03		
(0.05)	

		-0.01		
(0.09)	

	-0.01		
(0.03)	

			-4.89		
(11.24)	

		39.91***		
(12.93)	

2009	 0.13**		
(0.05)	

				0.02		
(0.10)	

	-0.07		
(0.05)	

				0.77		
(17.86)	

			54.99**		
(26.37)	

2010	 0.02		
(0.04)	

		-0.03		
(0.07)	

	-0.01		
(0.02)	

			14.98		
(17.43)	

		64.02***		
(18.23)	

2011	 0.07		
(0.05)	

				0.13		
(0.10)	

	-0.03		
(0.03)	

			27.56		
(21.12)	

		60.75***		
(20.57)	

2012	 	0.30***		
(0.08)	

				0.10		
(0.11)	

					0.00		
(0.01)	

	54.18**		
(26.59)	

	121.58***		
(30.83)	

*Notes: Average treatment effect on the treated is shown for each cohort transitioning to homeownership 
after 2005. Non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
 
To provide additional insights into the results displayed in Table 2, we provide descriptive 

evidence of distributional changes over the study period. As shown in Figure 3, the distribution of 

non-housing wealth in 2005 ranges from -$135,200 to $613,750. The distribution of non-housing 

wealth for homeowners is quite similar to that for matched renters. In subsequent years, the 



 

17 
 

distribution expands on both ends of the distribution; minimum values fall to -$510,000 and -

$510,000 in 2010 and 2013, respectively and maximum values increase to $1,043,200 and 

$1,098,200 in 2010 and 2013, respectively. Though the distribution between 2008 and 2012 

widened for both renters and CAP homeowners, there is generally more dispersion in the 

distribution among treated households. Similar patterns are observed for total net wealth in Panel 

B. 

 
Figure 3: Distribution of Aggregate Wealth over the Sample Period 
 

 
 
 
Finally, we probe these results econometrically using the event study specification given by (2). 

This approach allows us to understand how measures of aggregate wealth change over the 

course of homeownership. The results for the dynamic effect of treatment are graphically shown 

in Figure 4 where point estimates are normalized relative to the smallest lead (-7) observed in 

the data. Figure 4 Panel A shows changes in non-housing net worth by tenure. The point 

estimates seem relatively flat throughout, with potentially small but insignificant increases 
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following treatment in time 0. In contrast, Figure 4 Panel B highlights significant increases in 

overall net-worth beginning the year a household purchases a home. 

 
Figure 4: Relationship between Transition to Ownership and Wealth 
 

 
Notes: Dots represent point estimates, bars represent 95% confidence intervals using robust standard 
errors. Point estimates are normalized using the omitted lead, t=-7. 
 
 

Changes in Portfolio Composition 

To analyze how the transition to homeownership influences portfolio composition, we start with a 

visual display of the percentage of treatment and control homeowners that held the various 

financial assets and debts of interest. As shown in Figure 5, a higher proportion of treatment 

households held both financial assets and debts throughout the sample period, albeit these 

differences are often relatively small. To this end, although owners held more assets compared 

to renters, many owners did not hold assets considered to be important for wealth-building and 

financial stability; for example, well under 75 percent of treatment households did not hold 

retirement accounts and less than 25 percent held cash life insurance accounts.  
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Figure 5: Frequency of Asset and Debt Holdings Among Matched Households 

 
 
We then estimate the effects of treatment group membership on financial holdings (assets vs. 

debts) using linear probability models. As shown in Table 3, we find that treatment households 

are no less likely to hold various forms of wealth-building assets. Consistent with Figure 5, we 

find that treated households were generally more likely to gain retirement accounts. There is 

some evidence that treated households may have been more likely to have stocks (cohorts 
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2007, 2009, and 2012) and investments (cohorts 2009 and 2012) but less likely to have mutual 

funds (cohorts 2006 and 2007). 

 

 

Table 3: Homeownership & Portfolio Composition 
 
Cohort 

Investments Stocks Mutual	
Funds 

Retirement	
Accounts 

Bank	
Accounts	
or	CDs 

Life	
Insurance 

Cash	
Value	
Life	

Insurance 

Student	
Loans 

2006 -0.06		
(0.06)	

-0.01		
(0.05)	

-0.10**		
(0.04)	

0.04		
(0.07)	

-0.05**		
(0.02)	

0.05		
(0.07)	

0.09		
(0.06)	

-0.04		
(0.04)	

2007 -0.03		
(0.03)	

0.11***		
(0.04)	

-0.10***		
(0.04)	

0.13*		
(0.07)	

-0.07*		
(0.04)	

-0.02		
(0.05)	

-0.02		
(0.06)	

-0.03		
(0.06)	

2008 0.02		
(0.04)	

0.04		
(0.03)	

0.02		
(0.03)	

0.26***		
(0.06)	

-0.04		
(0.04)	

0.06		
(0.07)	

0.05		
(0.05)	

0.05		
(0.04)	

2009 0.18**		
(0.09)	

0.09*		
(0.05)	

0.10		
(0.07)	

0.02		
(0.10)	

-0.01		
(0.02)	

0.12		
(0.10)	

0.01		
(0.08)	

0.02		
(0.02)	

2010 0.07		
(0.06)	

0.00		
(0.05)	

0.00		
(0.04)	

0.04		
(0.10)	

-0.02		
(0.06)	

0.05		
(0.06)	

-0.11**		
(0.05)	

0.11*		
(0.06)	

2011 0.09		
(0.09)	

0.09		
(0.09)	

-0.01		
(0.01)	

0.15*		
(0.09)	

-0.06		
(0.08)	

0.12		
(0.10)	

-0.17*		
(0.09)	

0.20**		
(0.09)	

2012 0.25**		
(0.12)	

0.18**		
(0.08)	

0.00		
(0.01)	

0.08		
(0.13)	

0.12		
(0.08)	

0.15		
(0.10)	

0.07		
(0.13)	

0.17		
(0.13)	

*Notes: Average treatment effect on the treated is shown for each cohort transitioning to homeownership 
after 2005. Robust standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
 
As a robustness check, we re-estimate all of our models without the use of the PSM procedure. 
The results, provided in Appendix B, are qualitatively similar to those provided in this section. 
 
Discussion and Conclusion 
In this paper, we use panel data that spans an eight-year time period (2005-2013) and a quasi-

experimental design to examine the merits of the “all eggs in one basket” (AEOB) risk. Proponents 

of the AEOB risk are concerned that homeownership may undermine wealth building and financial 

security among LMI households by concentrating their wealth in housing rather than a more 

diversified financial portfolio. An important implication of the AEOB risk is that it may be safer and 

more profitable for LMI households to forego homeownership and instead remain renters and 

invest in non-housing assets, such as retirement accounts and stocks (Cocco, 2005; Hu, 2005).  

 

In this paper, we provide insight into the AEOB risk by examining how measures of wealth, 

financial stability, and financial holdings change following the transition to homeownership among 

LMI households. Our results generally provide evidence against the AEOB risk hypothesis. Our 
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analysis suggests that households that transition to homeownership generally do not significantly 

differ from households that remain renters with respect to non-housing wealth, financial portfolio 

composition, and measures of financial insecurity. In other words, these findings suggest that LMI 

households who transition to homeownership do not seem to be less financially diversified that 

LMI renters who remain renters. Moreover, we find that treated households gained an average of 

$63,370 ($7,922 per year) overall in total wealth relative to control group members. This finding 

alone is inconsistent with the argument that LMI households may be able to build more wealth by 

foregoing homeownership. 

 

Though we find that LMI households who transition to homeownership are not worse off than they 

would have been had they remained renters, we do not find that they are better of either. 

Compared to renters, LMI homeowners also did not build significantly more non-housing wealth 

across the relatively long, eight-year period (2005-2013) that our study spanned. Though we find 

that households that transition to homeownership are no less diversified than households who do 

not, our descriptive tables show that many LMI households (both treatment and control groups) 

in our sample do not hold non-housing assets that are important to financial security, such as 

retirement accounts and life insurance. All of these findings highlight the financial risks that LMI 

homeowners continue to face well after they purchase a home.  

 

Future research can help build upon the limitations and results presented in this analysis in 

several ways. First, our final matched sample is relatively small (N=322) and may not be 

representative of the entire universe of LMI homeowners. Thus, future research should attempt 

to replicate our analysis to determine the extent to which our results are specific to our sample. 

Second, our sample of renters is an opportunistic sample that was drawn to match the CAP 

borrowers in our sample and not to be a representative sample of the LMI renter population. Third, 

our analysis cannot dismiss all potential threats to causality. Namely, we cannot fully dismiss the 

concern that potential that differences in financial responsibility and financial risk tolerance 

between the treatment and control groups – rather than the independent effects of 

homeownership – explain our results, as we did not have direct measures of these constructs. 

We attempt to control for this issue by using proxy variables for these constructs (e.g., age, 

employment status, household composition, race, education, and baseline non-housing wealth) 

based on findings from the literature (Anbar & Eker, 2010; Finke & Huston, 2003; Grable & Joo, 

2004). Nonetheless, direct measures of financial responsibility and financial risk tolerance would 

be preferable and may have produced different results.  
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Though these areas for future research deserve attention, our analysis still has important 

implications policy debates regarding the desirability of homeownership as a wealth building 

strategy for LMI households, especially in light of the 2007-2009 housing foreclosure crisis. Based 

on our findings, we recommend that policymakers focus greater attention on developing public 

policies and programs that support economic security among LMI homeowners after they 

purchase their homes. Currently, most LMI homeownership policies and programs are focused 

on helping LMI households enter homeownership via homeownership preparedness classes and 

fair, affordable mortgage packages. As past research has highlighted however, comparatively 

less attention has been paid to supporting LMI homeowners after they purchase their homes. This 

is reason for concern because, as Reid (2005) commented, LMI homeowners face a variety of 

economic challenges in their daily lives that threaten their ability to remain homeowners, such as 

divorce and job instability. Exacerbating this issue is the fact that LMI homeowners, “have few 

savings to protect them from a “rainy day”, and they pay an inordinately large share of their income 

for housing” (Reid, 2005, p. 31). Thus, in the event of economic hardship, LMI homeowners are 

at significant risk for losing their home and any wealth accrued through that investment.  

 

What specifically can be done to support low-income homeowners in the long-term? A significant 

body of housing policy literature has shown that long-term counseling and supportive services 

can provide benefits to low-income households (Galster, 2019). For example, a considerable body 

of literature on neighborhood mobility programs for voucher recipients have shown that post-move 

supportive services offer significant benefits to recipients in the long-term (Briggs & Turner, 2006; 

Darrah & Deluca, 2014; Turner, 1998). More relevant to this study, some research has suggested 

that providing long-term housing and financial counseling to homeowners results in greater 

financial stability (Collins, 2007; Lee, 2015; Quercia & Cowan, 2008). Given this past research, 

we suggest that it may behoove LMI homeownership programs like CAP to provide long-term 

financial counseling services and to focus those counseling services on educating households 

about the importance of holding non-housing assets. This would mark a significant change in the 

design of current homeownership and financial counseling services, which rarely provide support 

to households after they have made the decision to purchase a home (Quercia & Spader, 2008).  
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Appendix A: Cohort-level Results 
 
Appendix Table A1: Cohort 2006 results  

 Payday Savings Econ. Insecurity Non-housing Total 

as.factor(year)2008 -0.008	 0.078*	 0.011	 -10.470*	 -10.678*	
 (0.027)	 (0.043)	 (0.010)	 (5.342)	 (5.442)	

as.factor(year)2010 -0.012	 0.030	 0.028**	 6.384	 6.480	
 (0.028)	 (0.043)	 (0.013)	 (5.819)	 (5.923)	

as.factor(year)2011 -0.040	 -0.063	 0.015	 7.154	 8.394	
 (0.027)	 (0.043)	 (0.010)	 (5.849)	 (5.979)	

as.factor(year)2012 -0.055**	 -0.014	 0.039***	 -15.386***	 -17.366***	
 (0.025)	 (0.042)	 (0.014)	 (5.633)	 (5.785)	

as.factor(year)2013 -0.045	 -0.024	 0.029**	 20.367**	 20.619**	
 (0.028)	 (0.043)	 (0.012)	 (10.104)	 (10.157)	

region_2 0.009	 -0.055	 0.074*	 -46.968*	 -44.033	
 (0.111)	 (0.205)	 (0.045)	 (28.416)	 (28.848)	

region_3 0.129	 0.158	 0.085*	 19.426*	 18.051*	
 (0.102)	 (0.141)	 (0.047)	 (10.897)	 (10.685)	

region_4 0.189*	 -0.055	 -0.289*	 -0.373	 2.834	
 (0.113)	 (0.139)	 (0.150)	 (12.788)	 (11.947)	

unexpense -0.010	 0.033	 0.041***	 11.076**	 10.383**	
 (0.017)	 (0.028)	 (0.010)	 (5.019)	 (5.227)	

income000 -0.00004	 0.004***	 -0.001***	 0.414**	 0.418**	
 (0.0003)	 (0.001)	 (0.0004)	 (0.194)	 (0.199)	

unemp -0.004	 -0.016	 0.030	 0.855	 2.351	
 (0.022)	 (0.039)	 (0.018)	 (5.987)	 (6.259)	

college -0.010	 -0.066	 -0.029	 2.377	 3.138	
 (0.039)	 (0.058)	 (0.020)	 (7.055)	 (7.820)	

own -0.100*	 -0.160*	 0.017	 8.917	 57.576***	
 (0.054)	 (0.089)	 (0.028)	 (11.332)	 (14.136)	

Constant -0.084	 -0.182	 -0.085	 21.050	 22.165	
 (0.113)	 (0.155)	 (0.052)	 (39.607)	 (39.668)	

IDs Treated	32	Control	161	 	 	 	

R-squared 0.433	 0.547	 0.267	 0.424	 0.487	
Adj.R-squared 0.294	 0.435	 0.086	 0.281	 0.359	

Observations 1036	 1036	 1036	 1031	 1031	

*Notes: Income, non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A2: Cohort 2006 

 investments stocks mutual 
funds 

retirement 
accounts 

bank 
accounts 

cds 
LI CVLI 

as.factor(year)2008 -0.008 -0.031* 0.013 0.051 0.048** 0.041 0.004 
 (0.021) (0.016) (0.012) (0.031) (0.022) (0.033) (0.020) 

as.factor(year)2012 -0.029 -0.044*** 0.003 -0.009 0.030 0.007 -0.009 
 (0.023) (0.017) (0.012) (0.035) (0.022) (0.035) (0.024) 

region_2 -0.289** -0.301** -0.056 0.161 0.126 -0.090 0.232 
 (0.126) (0.124) (0.070) (0.160) (0.081) (0.225) (0.154) 

region_3 0.037 0.011 0.033 -0.253** 0.127 -0.149 0.099 
 (0.038) (0.032) (0.025) (0.121) (0.083) (0.197) (0.129) 

region_4 -0.210 -0.010 -0.189 -0.058 0.105 0.287 -0.144 
 (0.142) (0.034) (0.141) (0.163) (0.077) (0.246) (0.208) 

unexpense -0.005 -0.011 -0.0003 0.011 -0.050** 0.018 -0.029 
 (0.025) (0.017) (0.014) (0.038) (0.020) (0.031) (0.021) 

income000 -0.0002 0.001 -0.0002 0.002* 0.001** 0.003*** 0.0001 
 (0.001) (0.001) (0.001) (0.001) (0.0005) (0.001) (0.0005) 

unemp 0.038 0.027 -0.004 -0.057 0.024 -0.123** -0.023 
 (0.041) (0.025) (0.023) (0.055) (0.034) (0.056) (0.023) 

college -0.103** -0.066* -0.033 0.059 -0.069 0.005 -0.031 
 (0.041) (0.034) (0.023) (0.064) (0.049) (0.060) (0.055) 

own -0.064 -0.010 -0.096** 0.041 -0.055** 0.045 -0.041 
 (0.060) (0.046) (0.042) (0.072) (0.024) (0.071) (0.042) 

Constant 0.087 0.080 -0.001 0.138 0.948*** 0.388 -0.039 
 (0.061) (0.051) (0.033) (0.142) (0.107) (0.352) (0.150) 

IDs Treated 32 Control 161     

R-squared 0.626 0.65 0.595 0.669 0.654 0.609 0.68 

Adj.R-squared 0.409 0.446 0.359 0.477 0.453 0.382 0.494 

Observations 550 550 550 550 550 550 550 

*Notes: LI and CVLI stand for life insurance and cash value life insurance, respectively. Robust standard 
errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A3: Cohort 2007 
 Payday Savings Econ. Insecurity Non-housing Total 

as.factor(year)2008 -0.006	 0.041	 0.015	 -15.681***	 -16.833***	
 (0.027)	 (0.043)	 (0.010)	 (5.456)	 (5.887)	

as.factor(year)2010 -0.020	 0.034	 0.024**	 3.352	 2.056	
 (0.028)	 (0.044)	 (0.012)	 (5.963)	 (6.201)	

as.factor(year)2011 -0.050*	 -0.050	 0.017*	 7.346	 10.859*	
 (0.027)	 (0.043)	 (0.010)	 (6.019)	 (6.384)	

as.factor(year)2012 -0.044*	 -0.023	 0.041***	 -17.134***	 -17.652***	
 (0.026)	 (0.043)	 (0.014)	 (5.660)	 (5.853)	

as.factor(year)2013 -0.054*	 0.006	 0.030**	 19.442*	 22.647**	
 (0.028)	 (0.044)	 (0.013)	 (10.145)	 (10.349)	

region_2 0.018	 -0.141	 0.074*	 -52.245*	 -52.250*	
 (0.106)	 (0.202)	 (0.041)	 (27.763)	 (27.600)	

region_3 0.102	 0.045	 0.085*	 20.554	 22.038*	
 (0.092)	 (0.147)	 (0.044)	 (12.832)	 (13.124)	

region_4 0.122	 0.118	 -0.312**	 9.371	 -0.425	
 (0.110)	 (0.199)	 (0.146)	 (13.254)	 (15.610)	

unexpense -0.018	 0.031	 0.034***	 13.806**	 16.399***	
 (0.017)	 (0.028)	 (0.009)	 (5.449)	 (5.716)	

income000 0.0004	 0.004***	 -0.001**	 0.885***	 0.909***	
 (0.0003)	 (0.001)	 (0.0003)	 (0.176)	 (0.186)	

unemp 0.006	 0.002	 0.008	 2.626	 4.781	
 (0.023)	 (0.042)	 (0.018)	 (6.252)	 (6.632)	

college -0.025	 -0.068	 -0.049*	 14.147	 4.840	
 (0.039)	 (0.055)	 (0.026)	 (10.273)	 (12.272)	

own -0.078	 0.074	 -0.025	 -4.024	 44.788***	
 (0.059)	 (0.096)	 (0.030)	 (11.738)	 (15.846)	

Constant -0.043	 -0.060	 -0.068	 0.070	 5.136	
 (0.104)	 (0.159)	 (0.051)	 (40.823)	 (41.397)	

IDs Treated	34	Control	161	 	 	 	

R-squared 0.427	 0.517	 0.263	 0.436	 0.485	

Adj.R-squared 0.284	 0.396	 0.078	 0.294	 0.355	

Observations 1034	 1034	 1034	 1029	 1029	

*Notes: Income, non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A4: Cohort 2007 

 investments stocks mutual funds retirement 
accounts 

bank 
accounts 

cds 
LI CVLI 

as.factor(year)2008 -0.007 -0.031* 0.011 0.044 0.039* 0.041 0.013 
 (0.021) (0.016) (0.013) (0.031) (0.023) (0.032) (0.021) 

as.factor(year)2012 -0.030 -0.051*** 0.009 0.001 0.033 -0.007 -0.004 
 (0.022) (0.017) (0.012) (0.035) (0.022) (0.035) (0.024) 

region_2 -0.153 -0.153 0.007 0.148 0.106 -0.073 0.194 
 (0.097) (0.101) (0.025) (0.152) (0.072) (0.203) (0.153) 

region_3 0.008 0.009 -0.002 -0.169 0.090 -0.120 0.061 
 (0.024) (0.027) (0.022) (0.113) (0.072) (0.165) (0.124) 

region_4 -0.129 0.049 -0.152 -0.043 0.106 0.463** 0.017 
 (0.173) (0.049) (0.168) (0.185) (0.075) (0.206) (0.254) 

unexpense 0.012 -0.009 0.005 -0.008 -0.037* 0.008 -0.001 
 (0.023) (0.018) (0.016) (0.037) (0.022) (0.031) (0.023) 

income000 -0.00004 0.002*** -0.001 0.003*** 0.001** 0.005*** -0.001* 
 (0.0004) (0.001) (0.001) (0.001) (0.0005) (0.001) (0.001) 

unemp 0.028 0.053** -0.021 -0.089* 0.044 -0.090* -0.047* 
 (0.039) (0.023) (0.024) (0.051) (0.039) (0.053) (0.028) 

college -0.058* -0.040 0.012 -0.023 -0.036 0.023 -0.037 
 (0.035) (0.025) (0.009) (0.061) (0.053) (0.060) (0.056) 

own -0.025 0.107*** -0.101*** 0.127* -0.072* -0.022 -0.032 
 (0.033) (0.035) (0.036) (0.072) (0.040) (0.055) (0.055) 

Constant 0.050 0.039 -0.008 0.129 0.940*** 0.329 -0.006 
 (0.052) (0.046) (0.030) (0.135) (0.100) (0.335) (0.147) 

IDs Treated 34 Control 161     

R-squared 0.702 0.708 0.595 0.682 0.655 0.618 0.703 

Adj.R-squared 0.527 0.536 0.357 0.495 0.452 0.393 0.528 

Observations 552 552 552 552 552 552 552 

*Notes: LI and CVLI stand for life insurance and cash value life insurance, respectively. Robust standard 
errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A5: Cohort 2008 
 Payday Savings Econ. Insecurity Non-housing Total 

as.factor(year)2008 -0.00002	 0.060	 0.009	 -9.474*	 -7.693	
 (0.027)	 (0.042)	 (0.009)	 (5.240)	 (5.436)	

as.factor(year)2010 -0.010	 0.014	 0.018*	 6.516	 6.504	
 (0.028)	 (0.043)	 (0.011)	 (5.934)	 (6.117)	

as.factor(year)2011 -0.029	 -0.033	 0.023**	 6.210	 7.778	
 (0.027)	 (0.043)	 (0.011)	 (5.956)	 (6.033)	

as.factor(year)2012 -0.058**	 0.001	 0.040***	 -15.704***	 -16.375***	
 (0.026)	 (0.042)	 (0.013)	 (5.616)	 (5.797)	

as.factor(year)2013 -0.070**	 -0.006	 0.034***	 12.036	 11.647	
 (0.029)	 (0.043)	 (0.013)	 (9.725)	 (9.958)	

region_2 0.009	 -0.070	 0.085*	 -53.099*	 -53.513*	
 (0.116)	 (0.222)	 (0.049)	 (30.773)	 (30.887)	

region_3 0.130	 0.148	 0.103**	 19.036	 19.978*	
 (0.103)	 (0.145)	 (0.052)	 (12.477)	 (11.826)	

region_4 0.165	 -0.021	 -0.398**	 6.455	 7.575	
 (0.119)	 (0.141)	 (0.170)	 (12.107)	 (11.368)	

unexpense -0.012	 0.034	 0.040***	 6.646	 3.663	
 (0.017)	 (0.027)	 (0.010)	 (4.988)	 (5.184)	

income000 -0.0001	 0.003***	 -0.001***	 0.711***	 0.627***	
 (0.0003)	 (0.001)	 (0.0003)	 (0.193)	 (0.207)	

unemp -0.029	 -0.001	 0.009	 1.658	 0.061	
 (0.022)	 (0.039)	 (0.017)	 (6.305)	 (6.280)	

college 0.033	 -0.106**	 -0.019	 3.970	 -0.389	
 (0.040)	 (0.052)	 (0.019)	 (6.433)	 (7.311)	

own -0.032	 -0.015	 -0.014	 -4.894	 39.914***	
 (0.054)	 (0.090)	 (0.026)	 (11.240)	 (12.928)	

Constant -0.125	 -0.121	 -0.116**	 19.137	 25.604	
 (0.114)	 (0.157)	 (0.056)	 (39.888)	 (40.067)	

IDs Treated	41	Control	161	 	 	 	

R-squared 0.47	 0.522	 0.274	 0.444	 0.47	

Adj.R-squared 0.34	 0.404	 0.096	 0.306	 0.339	

Observations 1084	 1084	 1084	 1079	 1079	

*Notes: Income, non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A6: Cohort 2008 

 investments stocks mutual funds retirement 
accounts 

bank 
accounts cds LI CVLI 

as.factor(year)2008 -0.008 -0.029* 0.011 0.045 0.047** 0.029 -0.007 
 (0.021) (0.016) (0.012) (0.031) (0.022) (0.033) (0.020) 

as.factor(year)2012 -0.036 -0.054*** 0.004 0.015 0.029 0.011 -0.006 
 (0.022) (0.016) (0.011) (0.035) (0.022) (0.035) (0.024) 

region_2 -0.154 -0.174 0.027 0.117 0.135 -0.111 0.257* 
 (0.111) (0.112) (0.026) (0.162) (0.083) (0.230) (0.154) 

region_3 0.034 0.002 0.030 -0.261** 0.125 -0.166 0.098 
 (0.035) (0.029) (0.026) (0.121) (0.083) (0.191) (0.118) 

region_4 -0.261 -0.003 -0.255 0.061 0.126 0.481** -0.174 
 (0.160) (0.039) (0.162) (0.160) (0.082) (0.235) (0.223) 

unexpense 0.023 0.003 0.009 0.009 -0.055*** 0.009 0.010 
 (0.024) (0.016) (0.014) (0.035) (0.019) (0.032) (0.020) 

income000 0.001 0.002** -0.0001 0.001 0.001** 0.004*** 0.001* 
 (0.001) (0.001) (0.0005) (0.001) (0.0005) (0.001) (0.001) 

unemp 0.037 0.053** -0.011 -0.130*** 0.029 -0.094* -0.008 
 (0.036) (0.022) (0.021) (0.049) (0.034) (0.055) (0.021) 

college -0.083** -0.044* -0.007 0.028 -0.065 0.015 -0.035 
 (0.035) (0.024) (0.019) (0.059) (0.041) (0.057) (0.047) 

own 0.017 0.035 0.020 0.261*** -0.041 0.056 0.055 
 (0.043) (0.030) (0.032) (0.063) (0.036) (0.068) (0.041) 

Constant 0.028 0.040 -0.035 0.184 0.949*** 0.391 -0.089 
 (0.058) (0.045) (0.035) (0.139) (0.103) (0.348) (0.135) 

IDs Treated 41 Control 161     

R-squared 0.672 0.666 0.554 0.684 0.635 0.607 0.669 

Adj.R-squared 0.481 0.472 0.296 0.501 0.423 0.379 0.477 

Observations 576 576 576 576 576 576 576 

*Notes: LI and CVLI stand for life insurance and cash value life insurance, respectively. Robust standard 
errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A7: Cohort 2009 
 Payday Savings Econ. Insecurity Non-housing Total 

as.factor(year)2008 -0.001	 0.064	 0.017*	 -12.312**	 -12.372**	
 (0.027)	 (0.043)	 (0.010)	 (5.357)	 (5.645)	

as.factor(year)2010 -0.012	 0.041	 0.021*	 3.079	 2.584	
 (0.028)	 (0.044)	 (0.012)	 (5.953)	 (6.121)	

as.factor(year)2011 -0.039	 -0.052	 0.021**	 5.619	 6.397	
 (0.027)	 (0.043)	 (0.011)	 (5.862)	 (6.042)	

as.factor(year)2012 -0.055**	 -0.005	 0.048***	 -15.655***	 -15.089***	
 (0.025)	 (0.042)	 (0.015)	 (5.697)	 (5.824)	

as.factor(year)2013 -0.057**	 0.011	 0.036***	 16.876	 17.304	
 (0.029)	 (0.044)	 (0.014)	 (10.931)	 (11.013)	

region_2 0.011	 -0.061	 0.087*	 -53.845*	 -53.968*	
 (0.116)	 (0.223)	 (0.048)	 (30.619)	 (30.666)	

region_3 0.131	 0.152	 0.105**	 18.308	 18.093	
 (0.103)	 (0.146)	 (0.052)	 (12.869)	 (12.963)	

region_4 0.169	 -0.021	 -0.396**	 7.397	 7.227	
 (0.120)	 (0.140)	 (0.169)	 (12.498)	 (12.754)	

unexpense -0.020	 0.028	 0.036***	 11.886**	 13.310**	
 (0.018)	 (0.029)	 (0.010)	 (5.528)	 (5.670)	

income000 -0.0002	 0.003***	 -0.001***	 0.739***	 0.741***	
 (0.0004)	 (0.001)	 (0.0003)	 (0.213)	 (0.213)	

unemp 0.0003	 0.001	 0.025	 2.236	 3.542	
 (0.021)	 (0.041)	 (0.019)	 (6.057)	 (6.291)	

college -0.009	 -0.095*	 -0.036*	 2.169	 1.526	
 (0.040)	 (0.054)	 (0.021)	 (7.043)	 (7.095)	

own 0.127**	 0.015	 -0.070	 0.768	 54.988**	
 (0.051)	 (0.101)	 (0.047)	 (17.856)	 (26.369)	

Constant -0.078	 -0.143	 -0.100*	 18.020	 17.688	
 (0.113)	 (0.157)	 (0.056)	 (40.397)	 (40.522)	

IDs Treated	10	Control	161	 	 	 	

R-squared 0.439	 0.537	 0.294	 0.384	 0.42	

Adj.R-squared 0.297	 0.42	 0.115	 0.227	 0.272	

Observations 908	 908	 908	 903	 903	

*Notes: Income, non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A8: Cohort 2009 

 investments stocks mutual funds retirement 
accounts 

bank 
accounts cds LI CVLI 

as.factor(year)2008 -0.016 -0.030* 0.005 0.064** 0.046** 0.048 0.006 
 (0.021) (0.016) (0.012) (0.031) (0.022) (0.033) (0.020) 

as.factor(year)2012 -0.040* -0.056*** 0.001 -0.006 0.028 0.013 -0.012 
 (0.022) (0.017) (0.011) (0.036) (0.022) (0.036) (0.024) 

region_2 -0.156 -0.187* 0.037 0.150 0.135 -0.092 0.258 
 (0.109) (0.106) (0.028) (0.161) (0.083) (0.231) (0.162) 

region_3 0.028 -0.006 0.031 -0.244** 0.125 -0.153 0.102 
 (0.033) (0.023) (0.027) (0.122) (0.082) (0.193) (0.128) 

region_4 -0.287* -0.042 -0.253 0.073 0.130 0.499** -0.203 
 (0.156) (0.032) (0.154) (0.162) (0.084) (0.235) (0.226) 

unexpense -0.001 -0.008 -0.012 -0.024 -0.053** 0.003 -0.022 
 (0.026) (0.018) (0.015) (0.039) (0.021) (0.033) (0.021) 

income000 0.0004 0.0003 0.0004 0.002* 0.001** 0.004*** 0.00005 
 (0.001) (0.001) (0.0003) (0.001) (0.001) (0.001) (0.001) 

unemp 0.056 0.064** -0.001 -0.101* 0.029 -0.114* -0.014 
 (0.041) (0.025) (0.022) (0.054) (0.039) (0.061) (0.025) 

college -0.052 -0.028 0.017 0.054 -0.077 0.022 -0.032 
 (0.041) (0.027) (0.017) (0.068) (0.052) (0.065) (0.059) 

own 0.183** 0.091* 0.102 0.019 -0.011 0.122 0.018 
 (0.087) (0.051) (0.069) (0.103) (0.025) (0.104) (0.024) 

Constant 0.037 0.065 -0.044 0.158 0.956*** 0.369 -0.047 
 (0.057) (0.043) (0.033) (0.144) (0.107) (0.352) (0.150) 

IDs Treated 10 Control 161     

R-squared 0.634 0.683 0.583 0.679 0.651 0.622 0.679 

Adj.R-squared 0.417 0.495 0.337 0.489 0.444 0.398 0.488 

Observations 485 485 485 485 485 485 485 

*Notes: LI and CVLI stand for life insurance and cash value life insurance, respectively. Robust standard 
errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A9: Cohort 2010 
 Payday Savings Econ. Insecurity Non-housing Total 

as.factor(year)2008 0.005	 0.038	 0.020*	 -12.134**	 -12.714**	
 (0.027)	 (0.041)	 (0.010)	 (5.727)	 (5.768)	

as.factor(year)2010 -0.004	 0.013	 0.021*	 5.559	 4.913	
 (0.027)	 (0.043)	 (0.012)	 (6.966)	 (7.026)	

as.factor(year)2011 -0.041	 -0.061	 0.020**	 6.557	 3.984	
 (0.026)	 (0.043)	 (0.010)	 (7.012)	 (7.083)	

as.factor(year)2012 -0.054**	 -0.005	 0.047***	 -20.446***	 -21.872***	
 (0.025)	 (0.042)	 (0.015)	 (6.358)	 (6.472)	

as.factor(year)2013 -0.052*	 -0.016	 0.033***	 10.626	 11.181	
 (0.028)	 (0.043)	 (0.013)	 (10.904)	 (10.986)	

region_2 0.016	 -0.075	 0.076*	 -50.743*	 -51.451*	
 (0.115)	 (0.224)	 (0.044)	 (30.144)	 (30.412)	

region_3 0.135	 0.136	 0.090*	 20.025	 18.372	
 (0.102)	 (0.147)	 (0.048)	 (14.375)	 (14.288)	

region_4 0.162	 -0.013	 -0.278*	 -2.003	 -0.097	
 (0.113)	 (0.141)	 (0.152)	 (15.768)	 (16.472)	

unexpense -0.020	 0.033	 0.030***	 5.496	 4.599	
 (0.017)	 (0.029)	 (0.009)	 (6.877)	 (6.912)	

income000 -0.0001	 0.004***	 -0.001**	 1.008***	 0.977***	
 (0.0004)	 (0.001)	 (0.0003)	 (0.226)	 (0.232)	

unemp 0.001	 0.018	 0.019	 0.542	 5.625	
 (0.021)	 (0.042)	 (0.019)	 (6.268)	 (6.541)	

college -0.004	 -0.058	 -0.023	 1.517	 8.625	
 (0.035)	 (0.053)	 (0.019)	 (8.215)	 (8.745)	

own 0.019	 -0.028	 -0.009	 14.984	 64.016***	
 (0.040)	 (0.071)	 (0.023)	 (17.434)	 (18.234)	

Constant -0.091	 -0.156	 -0.097*	 17.871	 14.317	
 (0.111)	 (0.158)	 (0.052)	 (40.840)	 (40.946)	

IDs Treated	24	Control	161	 	 	 	

R-squared 0.457	 0.529	 0.273	 0.42	 0.456	

Adj.R-squared 0.322	 0.412	 0.092	 0.276	 0.32	

Observations 990	 990	 990	 987	 987	

*Notes: Income, non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A10: Cohort 2010 

 investments stocks mutual funds retirement 
accounts 

bank 
accounts cds LI CVLI 

as.factor(year)2008 -0.001 -0.012 0.006 0.076** 0.047** 0.039 0.020 
 (0.020) (0.015) (0.012) (0.031) (0.021) (0.031) (0.020) 

as.factor(year)2012 -0.027 -0.053*** 0.009 -0.001 0.025 0.012 -0.006 
 (0.023) (0.017) (0.011) (0.036) (0.022) (0.036) (0.025) 

region_2 -0.156 -0.163 0.022 0.154 0.145* -0.109 0.261 
 (0.109) (0.108) (0.024) (0.163) (0.083) (0.232) (0.163) 

region_3 0.028 0.008 0.023 -0.241* 0.128 -0.163 0.091 
 (0.029) (0.024) (0.022) (0.124) (0.082) (0.192) (0.136) 

region_4 -0.220 -0.037 -0.198 0.069 0.094 0.497** 0.054 
 (0.135) (0.031) (0.131) (0.165) (0.082) (0.214) (0.261) 

unexpense 0.009 -0.022 0.004 -0.032 -0.052** 0.006 -0.025 
 (0.025) (0.018) (0.015) (0.038) (0.021) (0.031) (0.021) 

income000 0.00004 0.0005 0.0001 0.001 0.001** 0.004*** 0.001 
 (0.001) (0.001) (0.0004) (0.001) (0.001) (0.001) (0.001) 

unemp 0.057 0.057** 0.003 -0.114** 0.014 -0.087 0.0001 
 (0.040) (0.025) (0.022) (0.055) (0.041) (0.059) (0.026) 

college -0.059 -0.002 -0.012 0.082 -0.022 -0.003 0.001 
 (0.041) (0.029) (0.019) (0.065) (0.051) (0.054) (0.055) 

own 0.074 -0.005 0.001 0.036 -0.023 0.047 0.108* 
 (0.061) (0.048) (0.039) (0.101) (0.060) (0.062) (0.055) 

Constant 0.030 0.030 -0.022 0.144 0.901*** 0.408 -0.082 
 (0.061) (0.046) (0.039) (0.145) (0.108) (0.348) (0.154) 

IDs Treated 24 Control 161     

R-squared 0.668 0.659 0.69 0.657 0.634 0.622 0.694 

Adj.R-squared 0.472 0.457 0.507 0.455 0.417 0.399 0.514 

Observations 523 523 523 523 523 523 523 

*Notes: LI and CVLI stand for life insurance and cash value life insurance, respectively. Robust standard 
errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
 
 
 
 
 
 
 
 
 



 

33 
 

Appendix Table A11: Cohort 2011 
 Payday Savings Econ. Insecurity Non-housing Total 

as.factor(year)2008 0.007	 0.052	 0.017	 -10.095**	 -10.095**	
 (0.027)	 (0.043)	 (0.011)	 (5.110)	 (5.125)	

as.factor(year)2010 -0.007	 0.044	 0.020*	 4.612	 5.004	
 (0.027)	 (0.044)	 (0.012)	 (5.756)	 (5.747)	

as.factor(year)2011 -0.045*	 -0.040	 0.021**	 6.951	 7.328	
 (0.027)	 (0.043)	 (0.010)	 (6.096)	 (6.051)	

as.factor(year)2012 -0.050*	 -0.003	 0.047***	 -14.815***	 -14.889***	
 (0.026)	 (0.043)	 (0.015)	 (5.702)	 (5.711)	

as.factor(year)2013 -0.046	 -0.014	 0.034**	 18.480*	 19.447*	
 (0.029)	 (0.044)	 (0.013)	 (11.009)	 (10.948)	

region_2 0.015	 -0.061	 0.087*	 -52.819*	 -52.732*	
 (0.115)	 (0.226)	 (0.049)	 (30.648)	 (30.617)	

region_3 0.135	 0.148	 0.106**	 19.344	 19.413	
 (0.102)	 (0.148)	 (0.052)	 (12.669)	 (12.688)	

region_4 0.174	 -0.034	 -0.395**	 8.877	 9.140	
 (0.121)	 (0.143)	 (0.170)	 (12.275)	 (12.285)	

unexpense -0.020	 0.024	 0.036***	 11.384**	 12.315**	
 (0.017)	 (0.029)	 (0.010)	 (5.540)	 (5.481)	

income000 -0.0003	 0.004***	 -0.001***	 0.726***	 0.730***	
 (0.0004)	 (0.001)	 (0.0004)	 (0.216)	 (0.216)	

unemp 0.007	 -0.001	 0.011	 1.073	 0.996	
 (0.022)	 (0.042)	 (0.018)	 (6.027)	 (6.026)	

college -0.021	 -0.114**	 -0.037*	 1.160	 0.478	
 (0.039)	 (0.052)	 (0.020)	 (7.183)	 (7.128)	

own 0.066	 0.130	 -0.031	 27.561	 60.752***	
 (0.052)	 (0.105)	 (0.032)	 (21.125)	 (20.569)	

Constant -0.072	 -0.122	 -0.099*	 17.301	 16.947	
 (0.113)	 (0.158)	 (0.057)	 (40.315)	 (40.246)	

IDs Treated	11	Control	161	 	 	 	

R-squared 0.431	 0.527	 0.289	 0.368	 0.389	

Adj.R-squared 0.288	 0.408	 0.11	 0.207	 0.234	

Observations 915	 915	 915	 909	 909	

*Notes: Income, non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A12: Cohort 2011 

 investments stocks mutual funds retirement 
accounts 

bank 
accounts 

cds 
LI CVLI 

as.factor(year)2008 -0.004 -0.017 0.005 0.059* 0.047** 0.031 0.007 
 (0.021) (0.017) (0.011) (0.031) (0.022) (0.032) (0.020) 

as.factor(year)2012 -0.027 -0.048*** 0.006 0.0003 0.026 0.010 -0.013 
 (0.022) (0.017) (0.010) (0.036) (0.022) (0.036) (0.024) 

region_2 -0.156 -0.177 0.028 0.129 0.143* -0.122 0.257 
 (0.109) (0.108) (0.026) (0.163) (0.083) (0.233) (0.165) 

region_3 0.033 0.003 0.028 -0.251** 0.130 -0.169 0.099 
 (0.032) (0.023) (0.026) (0.122) (0.081) (0.191) (0.131) 

region_4 -0.275* -0.025 -0.256 0.062 0.147* 0.454* -0.218 
 (0.160) (0.030) (0.157) (0.162) (0.084) (0.237) (0.231) 

unexpense 0.016 -0.004 0.0003 -0.007 -0.056*** 0.006 -0.022 
 (0.026) (0.020) (0.013) (0.039) (0.021) (0.033) (0.022) 

income000 0.0001 0.0004 0.0001 0.001 0.002*** 0.004*** -
0.0003 

 (0.001) (0.001) (0.0003) (0.001) (0.001) (0.001) (0.001) 
unemp 0.043 0.049* -0.0002 -0.118** 0.011 -0.054 0.004 

 (0.042) (0.028) (0.021) (0.055) (0.040) (0.059) (0.026) 
college -0.077** -0.034 -0.002 0.017 -0.075 -0.015 -0.002 

 (0.039) (0.028) (0.005) (0.067) (0.054) (0.064) (0.065) 
own 0.091 0.090 -0.006 0.148* -0.057 0.123 0.196** 

 (0.090) (0.091) (0.012) (0.088) (0.081) (0.101) (0.088) 
Constant 0.036 0.049 -0.032 0.197 0.945*** 0.436 -0.068 

 (0.056) (0.045) (0.028) (0.144) (0.109) (0.348) (0.157) 

IDs Treated 11 Control 161     

R-squared 0.624 0.651 0.6 0.677 0.643 0.61 0.686 

Adj.R-squared 0.399 0.443 0.362 0.484 0.431 0.378 0.499 

Observations 486 486 486 486 486 486 486 

*Notes: LI and CVLI stand for life insurance and cash value life insurance, respectively. Robust standard 
errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table A13: Cohort 2012 
 Payday Savings Econ. Insecurity Non-housing Total 

as.factor(year)2008 0.002	 0.024	 0.010	 -10.763**	 -11.154**	
 (0.028)	 (0.043)	 (0.009)	 (5.306)	 (5.372)	

as.factor(year)2010 -0.010	 0.022	 0.019	 4.030	 3.815	
 (0.028)	 (0.044)	 (0.012)	 (5.847)	 (5.901)	

as.factor(year)2011 -0.041	 -0.060	 0.019*	 6.113	 6.118	
 (0.027)	 (0.043)	 (0.010)	 (5.818)	 (5.899)	

as.factor(year)2012 -0.058**	 -0.016	 0.045***	 -13.103**	 -13.390**	
 (0.026)	 (0.043)	 (0.015)	 (5.669)	 (5.730)	

as.factor(year)2013 -0.047	 0.0004	 0.032**	 19.614*	 20.052*	
 (0.029)	 (0.044)	 (0.013)	 (11.090)	 (11.192)	

region_2 0.013	 -0.070	 0.086*	 -53.600*	 -53.774*	
 (0.116)	 (0.228)	 (0.049)	 (30.691)	 (30.704)	

region_3 0.134	 0.139	 0.104**	 19.257	 19.099	
 (0.102)	 (0.149)	 (0.052)	 (12.681)	 (12.735)	

region_4 0.173	 -0.031	 -0.398**	 9.545	 9.709	
 (0.121)	 (0.144)	 (0.170)	 (12.308)	 (12.331)	

unexpense -0.014	 0.041	 0.037***	 13.700**	 14.925**	
 (0.018)	 (0.030)	 (0.010)	 (5.807)	 (5.950)	

income000 -0.0002	 0.004***	 -0.001***	 0.700***	 0.700***	
 (0.0004)	 (0.001)	 (0.0003)	 (0.219)	 (0.220)	

unemp 0.0001	 0.018	 0.016	 1.624	 1.129	
 (0.022)	 (0.042)	 (0.018)	 (6.114)	 (6.168)	

college -0.023	 -0.129**	 -0.034*	 -2.891	 -2.784	
 (0.040)	 (0.051)	 (0.019)	 (7.148)	 (7.318)	

own 0.301***	 0.104	 -0.005	 54.184**	 121.576***	
 (0.084)	 (0.109)	 (0.011)	 (26.588)	 (30.835)	

Constant -0.072	 -0.099	 -0.099*	 20.218	 19.520	
 (0.113)	 (0.160)	 (0.056)	 (40.301)	 (40.303)	

IDs Treated	9	 Control	161	 	

R-squared 0.441	 0.527	 0.296	 0.393	 0.42	

Adj.R-squared 0.301	 0.408	 0.119	 0.239	 0.273	

Observations 907	 907	 907	 901	 901	

*Notes: Income, non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
 
 
 



 

36 
 

Appendix Table A14: Cohort 2012 

 investments stocks mutual funds retirement 
accounts 

bank 
accounts cds LI CVLI 

as.factor(year)2008 -0.018 -0.024 0.005 0.072** 0.049** 0.029 0.012 
 (0.021) (0.016) (0.012) (0.031) (0.023) (0.032) (0.021) 

as.factor(year)2012 -0.034 -0.052*** 0.006 0.003 0.026 0.008 -0.012 
 (0.022) (0.017) (0.010) (0.036) (0.022) (0.036) (0.025) 

region_2 -0.163 -0.183* 0.028 0.148 0.144* -0.120 0.274* 
 (0.110) (0.107) (0.026) (0.161) (0.084) (0.234) (0.158) 

region_3 0.028 -0.001 0.028 -0.239* 0.131 -0.167 0.108 
 (0.033) (0.023) (0.026) (0.121) (0.082) (0.192) (0.123) 

region_4 -0.272* -0.035 -0.256 0.083 0.147* 0.470** -0.184 
 (0.156) (0.032) (0.157) (0.160) (0.084) (0.236) (0.221) 

unexpense 0.015 -0.012 0.0004 -0.019 -0.059*** 0.003 -0.020 
 (0.026) (0.018) (0.014) (0.040) (0.022) (0.034) (0.023) 

income000 0.001 0.0004 0.0001 0.002* 0.002** 0.004*** 0.0004 
 (0.001) (0.001) (0.0003) (0.001) (0.001) (0.001) (0.001) 

unemp 0.047 0.062** -0.001 -0.100* 0.003 -0.091 -0.036 
 (0.041) (0.025) (0.021) (0.053) (0.040) (0.058) (0.028) 

college -0.098** -0.049* -0.002 -0.0004 -0.073 -0.024 0.013 
 (0.040) (0.029) (0.005) (0.064) (0.057) (0.063) (0.063) 

own 0.253** 0.180** -0.004 0.084 0.120 0.148 0.171 
 (0.118) (0.083) (0.008) (0.131) (0.084) (0.101) (0.128) 

Constant 0.061 0.080* -0.032 0.196 0.946*** 0.443 -0.108 
 (0.057) (0.044) (0.028) (0.142) (0.112) (0.348) (0.149) 

IDs Treated 9 Control 161     

R-squared 0.621 0.673 0.6 0.67 0.637 0.608 0.683 

Adj.R-squared 0.397 0.48 0.362 0.474 0.421 0.375 0.495 

Observations 482 482 482 482 482 482 482 

*Notes: LI and CVLI stand for life insurance and cash value life insurance, respectively. Robust standard 
errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
 
 
 
 
 
 
 
 
 



 

37 
 

Appendix B: Treatment effect outcomes without matching procedure 
 
Appendix Table B1: Homeownership & Measures of Financial Stability and Aggregate Net 
Wealth without matching 
 
Cohort	 Payday	Loans	 Reported	

Savings	
Economic	
Insecurity	

Non-housing	
Wealth	

Total	
Wealth	

2006	 -0.11**		
(0.05)	

	-0.15*	
(0.08)	

0.03		
(0.03)	

13.06		
(9.50)	

55.73***		
(12.80)	

2007	 -0.09		
(0.05)	

0.08	
(0.09)	

0.01	
(0.03)	

4.65		
(11.00)	

	51.23***		
(14.79)	

2008	 -0.04	
	(0.05)	

-0.02	
	(0.08)	

0.01		
(0.02)	

1.49		
(8.75)	

	43.13***		
(10.43)	

2009	 0.11**		
(0.05)	

0.00		
(0.10)	

-0.06	
(0.05)	

3.51		
(17.98)	

			57.80**		
(26.54)	

2010	 0.00		
(0.04)	

-0.04		
(0.07)	

0.00	
(0.02)	

24.20	
(17.61)	

	73.59***		
(18.38)	

2011	 0.03	
	(0.05)	

0.09		
(0.10)	

	-0.01		
(0.03)	

			32.21	
(19.59)	

	63.23***		
(19.26)	

2012	 0.18**		
(0.09)	

0.10		
(0.11)	

		0.01		
(0.01)	

	47.89**		
(23.16)	

	114.3***		
(27.45)	

*Notes: Average treatment effect on the treated is shown for each cohort transitioning to homeownership 
after 2005. Non-housing net worth, and total net worth are measured in 1000’s of dollars. Robust 
standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
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Appendix Table B2: Homeownership & Portfolio Composition without matching 
 
Cohort 

Investments Stocks Mutual	
Funds 

Retirement	
Accounts 

Bank	
Accounts	
or	CDs 

Life	
Insurance 

Cash	
Value	
Life	

Insurance 

Student	
Loans 

2006 0.09*	
(0.05)	

-0.06		
(0.04)	

-0.09**		
(0.04)	

-0.02		
(0.06)	

-0.05***		
(0.01)	

0.06		
(0.06)	

0.01	
	(0.05)	

-0.05		
(0.03)	

2007 -0.11***		
(0.03)	

0.08**		
(0.03)	

-0.13***		
(0.04)	

0.12**		
(0.06)	

-0.04		
(0.04)	

-0.02		
(0.04)	

-0.02		
(0.05)	

-0.05		
(0.05)	

2008 -0.05		
(0.03)	

0.00		
(0.02)	

0.02		
(0.03)	

0.25***		
(0.05)	

-0.04		
(0.03)	

0.09		
(0.06)	

0.03		
(0.05)	

0.05		
(0.04)	

2009 0.14*		
(0.08)	

0.06		
(0.05)	

0.10		
(0.07)	

-0.02		
(0.10)	

-0.01		
(0.02)	

0.13		
(0.10)	

-0.02		
(0.07)	

0.02		
(0.01)	

2010 0.00		
(0.06)	

-0.04		
(0.05)	

0.00		
(0.03)	

0.03		
(0.10)	

-0.03		
(0.05)	

0.07		
(0.05)	

-0.15***		
(0.05)	

0.12**		
(0.05)	

2011 0.01		
(0.08)	

0.04		
(0.08)	

0.00		
(0.01)	

0.09		
(0.08)	

-0.06		
(0.07)	

0.09		
(0.10)	

-0.19**		
(0.08)	

0.18**		
(0.08)	

2012 0.09		
(0.11)	

0.10		
(0.07)	

0.00		
(0.01)	

0.07		
(0.11)	

0.08		
(0.07)	

0.12		
(0.09)	

0.00		
(0.11)	

0.08		
(0.11)	

*Notes: Average treatment effect on the treated is shown for each cohort transitioning to homeownership 
after 2005. Robust standard errors in parentheses.  *p<0.1; **p<0.05; ***p<0.01 
 
 
 
 
  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



 

39 
 

References 
Anbar, A., & Eker, M. (2010). An Empirical Investigation for Determining of the Relation 

Between Personal Financial Risk Tolerance and Demographic Characteristic. 
Ege Akademik Bakis, 10(2), 503–522. 

Austin, P. C. (2010). Statistical Criteria for Selecting the Optimal Number of Untreated 
Subjects Matched to Each Treated Subject When Using Many-to-One Matching 
on the Propensity Score. American Journal of Epidemiology, 172(9), 1092–1097. 
https://doi.org/10.1093/aje/kwq224. 

Austin, P. C. (2008). A critical appraisal of propensity-score matching in the medical 
literature between 1996 and 2003. Statistics in medicine, 27(12), 2037-2049. 

Belsky, E. S., & Duda, M. (2002). Asset appreciation, timing of purchases and sales, 
and returns to low-income homeownership. Low-Income Homeownership: 
Examining the Unexamined Goal, 208–238. 

Belsky, E. S., Retsinas, N., & Duda, M. (2018).. The Financial Returns to Low-Income 
Homeownership. Cornell University Press. 

Beracha, E., Skiba, A., & Johnson, K. H. (2017). Housing ownership decision making in 
the framework of household portfolio choice. Journal of Real Estate Research, 
39(2), 263–289. 

Borusyak, K., & Jaravel, X. (2017). Revisiting event study designs. Available at SSRN 
2826228. 

Bostic, R. W., & Lee, K. O. (2008). Mortgages, risk, and homeownership among low-
and moderate-income families. American Economic Review, 98(2), 310–314. 

Bricker, J., Dettling, L. J., Henriques, A., Hsu, J. W., Jacobs, L., Moore, K. B., ... & 
Windle, R. A. (2017). Changes in US family finances from 2013 to 2016: 
Evidence from the Survey of Consumer Finances. Fed. Res. Bull., 103, 1. 

Bricker, J., Dettling, L. J., Henriques, A., Hsu, J. W., Jacobs, L., Moore, K. B., Pack, S., 
Sabelhaus, J., Thompson, J., & Windle, R. A. (2017). Changes in US family 
finances from 2013 to 2016: Evidence from the Survey of Consumer Finances. 
Fed. Res. Bull., 103, 1. 

Bird, E. J., Hagstrom, P. A., & Wild, R. (1997). Credit cards and the poor. Institute for 
Research on Poverty, University of Wisconsin-Madison. 

Briggs, X. D. S., & Turner, M. A. (2006). Assisted housing mobility and the success of 
low-income minority families: Lessons for policy, practice, and future research. 
Nw. JL & Soc. Pol'y, 1, 25. 

Callaway, B., & Sant’Anna, P. H. (2020). Difference-in-differences with multiple time 
periods. Journal of Econometrics. 

Caner, A., & Wolff, E. N. (2004). Asset poverty in the United States, 1984–99: Evidence 
from the panel study of income dynamics. Review of Income and Wealth, 50(4), 
493–518. 



 

40 
 

Carney, S., & Gale, W. (2001). Asset accumulation among low-income households. 
Assets for the Poor, 165-205.  

Cauley, S. D., Pavlov, A. D., & Schwartz, E. S. (2007). Homeownership as a constraint 
on asset allocation. The Journal of Real Estate Finance and Economics, 34(3), 
283–311. 

Chaulk, B., Johnson, P. J., & Bulcroft, R. (2003). Effects of Marriage and Children on 
Financial Risk Tolerance: A Synthesis of Family Development and Prospect 
Theory. Journal of Family and Economic Issues, 24(3), 257–279. 
https://doi.org/10.1023/A:1025495221519 

Chetty, R., Hendren, N., Kline, P., & Saez, E. (2014). Where is the land of Opportunity? 
The Geography of Intergenerational Mobility in the United States*. The Quarterly 
Journal of Economics, 129(4), 1553–1623. https://doi.org/10.1093/qje/qju022 

Cocco, J. F. (2005). Portfolio choice in the presence of housing. The Review of 
Financial Studies, 18(2), 535–567. 

Cohn, R. A., Lewellen, W. G., Lease, R. C., & Schlarbaum, G. G. (1975). Individual 
Investor Risk Aversion and Investment Portfolio Composition. The Journal of 
Finance, 30(2), 605–620. https://doi.org/10.1111/j.1540-6261.1975.tb01834.x 

Collins, J. M. (2007). Exploring the design of financial counseling for mortgage 
borrowers in default. Journal of family and economic issues, 28(2), 207-226. 

Cong, W., & Hanna, S. D. (2007). The risk tolerance and stock ownership of business 
owning households. Journal of Financial Counseling and Planning, 18(2). 

Darrah, J. , & Deluca, S. (2014). Living here has changed my whole perspective: How 
escaping inner-city poverty shapes neighborhood and housing choice. Journal of 
Policy Analysis and Management , 33 (2), 350–384.10.1002/pam.21758 

Finke, M. S., & Huston, S. J. (2003). The Brighter Side of Financial Risk: Financial Risk 
Tolerance and Wealth. Journal of Family and Economic Issues, 24(3), 233–256. 
https://doi.org/10.1023/A:1025443204681 

Fisher, P. J., & Yao, R. (2017). Gender differences in financial risk tolerance. Journal of 
Economic Psychology, 61, 191–202. https://doi.org/10.1016/j.joep.2017.03.006 

Fonseca, R., Mullen, K. J., Zamarro, G., & Zissimopoulos, J. (2012). What explains the 
gender gap in financial literacy? The role of household decision making. Journal 
of Consumer Affairs, 46(1), 90–106. 

Freeman, A., & Desmarais, B. (2011). Portfolio adjustment to home equity accumulation 
among CRA borrowers. Journal of Housing Research, 20(2), 141–160. 

Galster, G. C. (2019). Neighborhoods and national housing policy: Toward 
circumscribed, neighborhood-sensitive reforms. Housing Policy Debate, 29(1), 
217-231. 

Glaeser, E. L. (2011). Rethinking the federal bias toward homeownership. Cityscape, 5–
37. 



 

41 
 

Goetzmann, W. N., & Kumar, A. (2008). Equity Portfolio Diversification*. Review of 
Finance, 12(3), 433–463. https://doi.org/10.1093/rof/rfn005 

Goodman-Bacon, A. (2021). Difference-in-differences with variation in treatment timing. 
Journal of Econometrics. 

Grable, J. E., & Joo, S.-H. (2004). Environmental and Biophysical Factors Associated 
with Financial Risk Tolerance (SSRN Scholarly Paper ID 2260471). Social 
Science Research Network. https://papers.ssrn.com/abstract=2260471 

Graham, J. F., Stendardi, E. J., Myers, J. K., & Graham, M. J. (2002). Gender 
differences in investment strategies: An information processing perspective. 
International Journal of Bank Marketing. 

Grinstein-Weiss, M., Key, C., & Carrillo, S. (2015). Homeownership, the great 
recession, and wealth: Evidence from the survey of consumer finances. Housing 
Policy Debate, 25(3), 419–445. 

Grinstein-Weiss, M., Key, C., Guo, S., Yeo, Y. H., & Holub, K. (2013). Homeownership 
and wealth among low-and moderate-income households. Housing Policy 
Debate, 23(2), 259–279. 

Grinstein-Weiss, M., Manturuk, K. R., Guo, S., Charles, P., & Key, C. (2014). The 
impact of homeownership on marriage and divorce: Evidence from propensity 
score matching. Social Work Research, 38(2), 73–90. 

Hansen, B. B. (2008). The essential role of balance tests in propensity-matched 
observational studies: Comments on ‘A critical appraisal of propensity-score 
matching in the medical literature between 1996 and 2003’by Peter Austin, 
Statistics in Medicine. 

Harding, J. P., Rosenblatt, E., & Yao, V. W. (2009). The contagion effect of foreclosed 
properties. Journal of Urban Economics, 66(3), 164–178. 
https://doi.org/10.1016/j.jue.2009.07.003 

Haveman, R., & Wolff, E. N. (2004). The concept and measurement of asset poverty: 
Levels, trends and composition for the US, 1983–2001. The Journal of Economic 
Inequality, 2(2), 145–169. 

Heckman, J. (1990). Varieties of selection bias. The American Economic Review, 80(2), 
313–318. 

Herbert, C. E., McCue, D. T., & Sanchez-Moyano, R. (2013). Is homeownership still an 
effective means of building wealth for low-income and minority households?(Was 
it ever?). Homeownership Built to Last, 10(2), 5–59. 

Howell, J., & Korver-Glenn, E. (2018). Neighborhoods, Race, and the Twenty-first-
century Housing Appraisal Industry. Sociology of Race and Ethnicity, 4(4), 473–
490. https://doi.org/10.1177/2332649218755178 

Hu, X. (2005). Portfolio choices for homeowners. Journal of Urban Economics, 58(1), 
114–136. 



 

42 
 

Iacus, S. M., King, G., & Porro, G. (2012). Causal inference without balance checking: 
Coarsened exact matching. Political Analysis, 20(1), 1–24. 

Kennickell, A. B., Starr-McCluer, M., & Surette, B. J. (2000). Recent changes in US 
family finances: Results from the 1998 Survey of Consumer Finances. Fed. Res. 
Bull., 86, 1. 

Lee, K. O. (2015). Pre-and post-delinquency behavior: cross-neighborhood variation in 
New York City. Journal of Housing and the Built Environment, 30(3), 359-382. 

Martin-Guerrero, A. (2002). Financing Home Improvement Projects: The Use of Home-
Secured Credit. Joint Center for Housing Studies of Harvard University. 
https://www.jchs.harvard.edu/research-areas/research-notes/financing-home-
improvement-projects-use-home-secured-credit 

McCaffrey, D. F., Ridgeway, G., & Morral, A. R. (2004). Propensity score estimation 
with boosted regression for evaluating causal effects in observational studies. 
Psychological Methods, 9(4), 403. 

McKernan, S.-M., Ratcliffe, C., Steuerle, E., & Zhang, S. (2014). Disparities in wealth 
accumulation and loss from the great recession and beyond. American Economic 
Review, 104(5), 240–244. 

McKernan, S.-M., & Sherraden, M. W. (2008). Asset building and low-income families. 
The Urban Institute. 

Ogden, D. T., Ogden, J. R., & Schau, H. J. (2004). Exploring the impact of culture and 
acculturation on consumer purchase decisions: Toward a microcultural 
perspective. Academy of Marketing Science Review, 3(1), 1–22. 

Olmos, A., & Govindasamy, P. (2015). A practical guide for using propensity score 
weighting in R. Practical Assessment, Research, and Evaluation, 20(1), 13. 

Pfeffer, F. T., Danziger, S., & Schoeni, R. F. (2013). Wealth disparities before and after 
the Great Recession. The ANNALS of the American Academy of Political and 
Social Science, 650(1), 98–123. 

Quercia, R., & Cowan, S. M. (2008). The impacts of community-based foreclosure 
prevention programs. Housing Studies, 23(3), 461-483. 

Quercia, R., & Spader, J. (2008). Does homeownership counseling affect the 
prepayment and default behavior of affordable mortgage borrowers?. Journal of 
Policy Analysis and Management: The Journal of the Association for Public 
Policy Analysis and Management, 27(2), 304-325. 

Quercia, R. G., Freeman, A., & Ratcliffe, J. (2011). Regaining the dream: How to renew 
the promise of homeownership for America’s working families. Brookings 
Institution Press. 

Quercia, R. G., & Riley, S. (2017). Expanding the mortgage credit box: Lessons from 
the community advantage program. BCJL & Soc. Just., 37, 315. 

Rappaport, J. (2010). The effectiveness of homeownership in building household 
wealth. Economic Review-Federal Reserve Bank of Kansas City, 35. 



 

43 
 

Reid, C. K. (2005). Achieving the American dream? A longitudinal analysis of the 
homeownership experiences of low-income households. 

Rhee, N. (2013). The retirement savings crisis. Washington DC: National Institute on 
Retirement Security. 

Riley, S. F., Ru, H., & Quercia, R. G. (2009). The community advantage program 
database: Overview and comparison with the current population survey. 
Cityscape, 247-256. 

Riley, S. F., Ru, H. Y., & Feng, Q. (2013). The user cost of low-income homeownership. 
Journal of Regional Analysis and Policy, 43(1100-2016-90119), 123-137. 

Ruffing, K. (2020). For Most Americans, Retirement Accounts are Paltry. Center on 
Budget and Policy Priorities. 

Sedo, S. A., & Kossoudji, S. A. (2004). Rooms of One’s Own: Gender, Race and Home 
Ownership as Wealth Accumulation in the United States. 

Shapiro, T., Meschede, T., & Osoro, S. (2013). The roots of the widening racial wealth 
gap: Explaining the black-white economic divide. 

Sinai, T., & Souleles, N. (2013). Can Owning a Home Hedge the Risk of Moving? 
American Economic Journal: Economic Policy, 5(2), 282–312. 
https://doi.org/10.1257/pol.5.2.282 

Sun, L., & Abraham, S. (2020). Estimating dynamic treatment effects in event studies 
with heterogeneous treatment effects. Journal of Econometrics. 

Turner, M. A. (1998). Moving out of poverty: Expanding mobility and choice through 
tenant-based housing assistance. Housing policy debate, 9(2), 373-394. 

Van Zandt, S., & Rohe, W. M. (2011). The sustainability of low-income homeownership: 
The incidence of unexpected costs and needed repairs among low-income home 
buyers. Housing Policy Debate, 21(2), 317–341. 

von Gaudecker, H.-M., van Soest, A., & Wengstrom, E. (2011). Heterogeneity in Risky 
Choice Behavior in a Broad Population. American Economic Review, 101(2), 
664–694. https://doi.org/10.1257/aer.101.2.664 

Wainer, A., & Zabel, J. (2020). Homeownership and wealth accumulation for low-
income households. Journal of Housing Economics, 47, 101624. 

Warner, N., & Cramer, S. (1995). Saving behaviours: First wave baby boomers. Journal 
of Consumer Studies & Home Economics, 19(1), 57–67. 
https://doi.org/10.1111/j.1470-6431.1995.tb00532.x 

Wolff, E. N. (1998). Recent trends in the size distribution of household wealth. Journal 
of Economic Perspectives, 12(3), 131-150. 

Wolff, E. N. (2012). The asset price meltdown and the wealth of the middle class. 
National Bureau of Economic Research. 



 

44 
 

Yao, R., & Zhang, H. H. (2005). Optimal Consumption and Portfolio Choices with Risky 
Housing and Borrowing Constraints. The Review of Financial Studies, 18(1), 
197–239. 

 

 
 


